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Aneeqa Thiele1, Alexander T. Jackson1, Stacey M. Stremic1, and 
Satoris S. Howes2
1. Middle Tennessee State University
2. Oregon State University
Human resource practices are of key importance to 
organizations, with the selection, recruitment, and training 
of new employees costing companies billions of dollars ev-
ery year. Researchers have estimated that quality selection 
practices can save companies millions of dollars every year 
(Chang et al., 2013). Along these lines, decision aids, such 
as statistical aids, can help hiring managers make better 
hiring decisions in the workplace (Highhouse, 2008). How-
ever, a large body of literature has shown that managers 
resist the use of decision aids and prefer to rely on intuitive 
methods, despite these methods yielding poor predictive 
validity (Kuncel et al., 2013; Fernandez & Pougnet, 2018). 
In fact, taking an algorithmic approach to decision making 
outperforms intuitive decision making by more than 50% 
in predicting job performance (Kuncel et al., 2013). Never-
theless, practitioners continue to prefer the use of intuition 
over the use of decision aids.  
In the present paper, we sought to determine whether 
providing feedback on the (in)accuracy of one’s perfor-
mance predictions and hiring choices as well as the accu-
racy of a decision aid can help persuade hiring managers 
to use decision aids. Feedback is a powerful tool used by 
managers to improve performance, strengthen communi-
cation between employees and managers, address work 
behaviors, and set goals (i.e., performance reviews, 360-de-
gree appraisal, etc.; Shute, 2008). Furthermore, feedback 
can effectively be used to remove ambiguity and provide 
solutions to help people make better decisions in the future 
(Procelli & Delgado, 2017; Shute, 2008). We predict that if 
hiring managers receive such feedback when they use de-
cision aids, they can learn how to use decision aids appro-
priately. Further, we expected that information regarding 
the (in)accuracy of participants’ hiring predictions would 
produce sufficient motivation for participants to improve 
their performance. By providing feedback that shows that 
the decision aid outperforms human judgment, we hoped to 
make people more likely to use decision aids, thereby en-
hancing the quality of their decisions.
Using Decision Aids for Selection
Hiring managers make selection decisions by collect-
ing a considerable amount of information about applicants 
in the form of job applications, biodata, tests, interviews, 
résumés, job simulations, and job references. It can be dif-
ficult to use all of this information appropriately and select 
the best candidate (Kuncel et al., 2013). This challenge can 
be overcome, however, through the use of decision aids. 
ABSTRACT
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We examined the influence of formative and outcome feedback on people’s reliance on 
decision aids. Decision aids are tools that managers can use to increase the accuracy of 
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Decision aids can help decision makers analyze information 
in depth by helping them make judgments that are based on 
a predetermined formula (Slaughter & Kausel, 2014). This 
formula helps reduce error in the prediction of employee 
performance. Examples include simple unit weighting or 
predictors, mechanical combinations of predictors using lin-
ear regression, and decision trees (Highhouse, 2002). Deci-
sion aids use a mechanical or algorithmic approach that ap-
plies the same weight to each applicant’s score rather than 
using human judgment or intuition to select an applicant. 
This approach significantly increases both consistency and 
accuracy within decisions because it establishes a standard 
for the hiring process, which can help managers collect and 
use applicant information appropriately (Slaughter & Kau-
sel, 2014).   
However, people are hesitant to rely on decision aids 
(Rynes et al., 2018). For example, Dongen and Maanen 
(2013) found that people easily justify their errors in judg-
ment, yet they heavily weigh any errors from decision aids. 
In their study, people consistently underestimated the reli-
ability of the decision aid in comparison to their own reli-
ability in decision making. Although participants attributed 
their errors to uncontrollable and justifiable causes, they 
believed that decision aid errors were more likely explained 
by stable, dispositional factors. Thus, it appears people tend 
to trust and believe their judgments are superior to other 
methods (Slaughter & Kausel, 2014). 
A recent recommendation to encourage the use of de-
cision aids is to offer decision support based on statistical 
predictions (Highhouse et al., 2017). However, because 
people are hesitant to rely solely on mechanical methods 
(Slaughter & Kausel, 2014), support may need to come 
in the form of unambiguous feedback about their hiring 
choices (Shute, 2008). Thus, we sought to encourage the 
use of decision aids first by providing the decision aid and 
asking decision makers to make specific predictions about a 
candidate’s performance. We then provided a combination 
of formative feedback (i.e., feedback given in a specific, 
timely, supportive, and nonevaluative way to signal a gap 
between a person’s current performance and a desired level 
of performance) and outcome feedback (i.e., informative 
feedback that simply relays information about performance 
outcomes) about the participant’s predictions and the deci-
sion aid’s predictions. We also provide support by giving 
participants feedback about their performance predictions. 
Using Formative Feedback and Outcome Feedback to 
Influence Managers 
Feedback is used in management practices to help peo-
ple accomplish their tasks and provide information about 
how they are doing, how accurately they are doing their 
jobs, and the adequacy of their work behaviors (DeNisi & 
Kluger, 2000). Feedback provides people information about 
their performance and is a significant factor in motivating 
learning (Shute, 2008). Feedback can often take two forms: 
formative feedback and outcome feedback. Outcome feed-
back requires people to receive feedback about the accuracy 
of their decisions or selections (Geister et al., 2006), such as 
feedback that informs employees about their work perfor-
mance (i.e., performance appraisals; Tuttle & Stocks, 1997). 
Outcome feedback is an effective form of feedback for 
changing employee behavior (Taylor et al., 1996). Outcome 
feedback motivates people to improve their performance 
by first shedding light on their performance, which in turn 
influences their efforts and leads to an increase in perfor-
mance (Geister et al., 2006). Indeed, receiving information 
about performance, such as the outcome and ways to im-
prove performance, has been shown to be a motivational 
factor to foster perseverance (Roney et al., 1995). Porcelli 
and Delgado (2017) noted that people’s decision-making 
performance improved after repeated exposure to positive 
and negative feedback, especially in conditions in which 
participants received positive outcome feedback.  
Although outcome feedback is a useful tool that pro-
vides information about employee performance, it does 
not provide solutions to make appropriate adjustments to 
better their performance. In fact, people who only receive 
outcome feedback when completing complex and unstruc-
tured tasks may make inappropriate adjustments (Earley et 
al., 1990). It seems the missing element that would aid in 
improvement lies with formative feedback, in which infor-
mation is communicated with the intent to alter a person’s 
thinking or behavior to improve learning (Shute, 2008). 
Indeed, formative feedback is given in a specific and none-
valuative way, and is used by managers as a way to reduce 
the uncertainty inherent in making hiring decisions by pro-
viding a set of specific areas (e.g., reducing personal bias, 
being more consistent with ratings) that decision makers 
can focus on to improve their decision making. This is 
important for selection decisions because people tend to 
over-rely on their own intuitive judgments when making 
hiring decisions, especially when the consequences of hir-
ing decisions are not immediate and decision makers do not 
receive feedback (Brown, 2006).
Providing specific informative feedback, such as that 
inherent with formative feedback, along with outcome feed-
back has been shown to substantially increase quality de-
cision making and information search (Earley et al., 1990; 
Geister, et al., 2006). Moreover, in support of formative 
feedback, which aids in reducing uncertainty, Porcelli and 
Delgado (2017) found decisions made under uncertainty led 
to more risk taking and financially disadvantageous choic-
es. Research suggests that any instructional activity that 
requires people to search for an explanation to a problem 
impairs learning because it increases one’s cognitive load. 
Personnel Assessment And decisions
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This issue is especially salient when people have limited 
prior knowledge about that particular problem and they 
have no guidance (Moreno, 2004). 
Kuncel (2008) argued that selection experts are rarely 
given information about the accuracy of their decisions and 
giving “hard-to-ignore” feedback regarding decision-mak-
ing accuracy could help reduce overconfidence and lead to 
better decision making (p. 345). Outcome feedback can be 
a purposeful way to inform people about the accuracy of 
their predictions, whereas formative feedback can help peo-
ple learn how to use decision aids more effectively. Thus, 
providing informative feedback on how one is performing 
(outcome feedback) in a way that is specific, timely, non-
evaluative, and indicative of what changes may be needed 
(formative feedback) can influence people’s reliance on 
decision aids because it provides unambiguous information 
regarding their performance (i.e., accuracy) and how to 
improve (i.e., utilize decision aid). Upon receiving perfor-
mance feedback, decision makers should be motivated to 
make better decisions and reduce their prediction inaccura-
cies (Shute, 2008). 
Within this study, we provide participants with feed-
back about their own accuracy and feedback about the ac-
curacy of the decision aid. Separately, each of these pieces 
of information represent outcome feedback in that they 
inform the individual about his or her own performance and 
the performance of the decision aid. As such, we expect 
individuals who received either type of feedback individ-
ually to rely on decision aids more, because they will see 
that their performance is low (and therefore necessitates 
the decision aid) or the decision aid accuracy is high (and 
justifies its use). In combination, however, we argue that 
the impact on decision aid reliance is even greater, as the 
feedback not only reflects outcome feedback but is also for-
mative because it should be much clearer (i.e., less ambig-
uous) regarding what should be done. The combination of 
the feedback, which is specific, timely, and nonevaluative, 
will demonstrate that their accuracy is low and the decision 
aid is high, thereby eliminating any uncertainty that could 
still exist. With only outcome feedback on their own ac-
curacy (or only on the decision aid accuracy), it is unclear 
whether the decision aid (or their own accuracy) may have 
been better or worse. The combination of the two pieces of 
information, however, leaves little question as to which is 
optimal, and therefore individuals who receive feedback on 
both their own accuracy and the decision aid will be more 
likely to rely on the decision aid.  As such, we hypothesize 
the following:
Hypothesis 1: Individuals who receive outcome feed-
back about their accuracy will rely on the decision aid 
more than will individuals who receive no such feed-
back.
Hypothesis 2: Individuals who receive outcome feed-
back about the accuracy of the decision aid will rely on 
the decision aid more than individuals who receive no 
such feedback.   
Hypothesis 3: There will be an interaction between 
outcome feedback about one’s accuracy and outcome 
feedback about the accuracy of the decision aid, such 
that those who receive both forms of feedback will be 
most likely to rely on the decision aid.
METHOD
Participants
Hiring professionals were recruited from Amazon’s 
Mechanical Turk (MTurk) and Qualtrics research panels. 
To participate in the study, individuals had to meet the 
following screening procedures: English was their native 
language, they must have had at least 2 years of hiring 
experience, and they must currently have a job. Next, to 
ensure that our data were of sound quality, our survey con-
tained a total of five attention check questions dispersed 
throughout the survey. If a participant failed any one of the 
five, their data were excluded. Our final sample consisted 
of 900 working professionals (60.1% female, 74.9% White, 
non-Hispanic). Approximately 70.4% of participants had a 
2-year college degree or higher. The average age of partic-
ipants was 36.85 years (SD = 10.88). The median years of 
hiring experience was 5 years.  
Materials and Procedure
Participants were presented with selection information 
for 20 pairs of applicants using a modified version of the 
decision aid task used by Jackson et al. (2019). The selec-
tion criteria given to the participants consisted of the candi-
dates’ scores (Candidate A and Candidate B) on conscien-
tiousness, cognitive ability, and an unstructured interview. 
Participants were also provided background information 
regarding the predictors. For example, participants were 
told that cognitive ability is considered a good predictor, 
conscientiousness is a moderate predictor, and the unstruc-
tured interview is a weak predictor of performance.  
The participants, who were asked to play the role of a 
hiring manager, were given a decision aid in the form of a 
formula. An example was provided that fully demonstrated 
how the decision aid should be used. For each decision in 
the hiring task, participants were reminded what the deci-
sion aid formula was and were provided with the weighted 
scores for each candidate. This essentially reduced some of 
the mental burdens of multiplying the candidates’ scores by 
the weights in the decision aid. If participants elected to use 
the decision aid, they merely needed to sum the weighted 
scores for each candidate to get the candidate’s predicted 
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performance. Last, the participants were asked to answer, 
based on the prehiring information, to estimate how well 
each candidate would perform on a scale of 0% (“will 
perform worse than all other employees”) to 100% (“will 
perform better than all other employees”) and select which 
candidate should be hired. Eventual performance of the job 
candidates was pre-determined using the same approach as 
Jackson et al. (2019).1 An example of the stimuli presented 
to participants is displayed in Appendix A.
As previously mentioned, previous researchers have 
suggested that one reason people do not use decision aids 
is that people do not trust the decision aids (Kuncel, 2008). 
Therefore, we sought to control for initial levels of trust 
in the decision aid in our analyses. Before completing the 
decision task, participants were asked to indicate their level 
of trust in the decision aid. Trust was measured with five 
items using a 7-point Likert scale (1 = “strongly disagree”, 
7 = “strongly agree”). Sample items stated, “The prediction 
formula is dependable” and “I can trust the prediction for-
mula.” The internal consistency reliability for the scale was 
α = .87. Participants were then asked to make the 20 hiring 
decisions. Using the information provided by the decision 
aid or not, participants then made a hiring choice between 
the candidates and made a prediction about each candi-
date’s future performance on the job. 
Feedback was manipulated by randomly assigning 
participants to receive outcome feedback (or not receive 
outcome feedback) regarding the accuracy of the decision. 
Participants were randomly assigned to receive individual 
outcome feedback (i.e., feedback about the accuracy of 
their performance predictions) or not receive individual 
outcome feedback. Additionally, participants were random-
ly assigned to receive decision aid outcome feedback (i.e., 
feedback about the accuracy of the decision aid’s predic-
tions) or not receive decision aid outcome feedback. The 
feedback itself was presented in terms of how many per-
centage points off the decision aid or the participant were 
in estimating the candidates’ eventual performance. An 
example of what the participants saw is provided in Appen-
dix A. Thus, in our study, there were two separate feedback 
manipulations (one for feedback about the participant’s 
performance predictions and one for feedback about the de-
cision aid’s predictions), and our study used a 2 (individual 
outcome feedback provided or not) x 2 (decision aid out-
come feedback provided or not) repeated measures design, 
with participants making a total of 20 decisions.
RESULTS
To evaluate the internal validity of our study, we ex-
amined the relationship between participants’ performance 
predictions and their hiring choices. This enabled us to de-
termine whether participants understood the task by show-
ing whether participants selected the candidate that they 
predicted would perform better. Candidate performance 
predictions was calculated as the difference in the partic-
ipants’ performance predictions between candidate B and 
candidate A (candidate B – candidate A). If the score was 
greater than zero, the participant predicted that candidate 
B would perform better. If the score was less than zero, the 
participant predicted that candidate A would perform better. 
Participants’ hiring choice was coded as candidate A = -1 
and candidate B = 1. As can be seen in Table 1 in Appendix 
B, the correlation between participant hiring choice and 
participant performance predictions is quite large (r = .663), 
showing that participants did tend to select the candidate 
they rated more favorably. 
To test our hypotheses, decision aid use was operation-
alized in two ways. First, we operationalized decision aid 
use in terms of whether participants’ hiring choices matched 
the choices of the decision aid. Second, we operationalized 
decision aid use as the extent to which participants’ perfor-
mance predictions matched the performance predictions of 
the decision aid. Using multiple operationalizations of the 
decision aid use allowed us to examine whether differences 
would emerge in the two behavioral responses of partici-
pants. 
Match in Hiring Choices
To determine whether feedback had a significant im-
pact match in hiring choice, we utilized the generalized lin-
ear mixed-effects modeling package (glmer) in R (Bates et 
al., 2014). Specifically, we conducted a repeated-measures 
logistic regression with match in hiring choice (a binomial 
outcome) as the dependent variable. First, we controlled for 
the data source (MTurk vs. Qualtrics), prior experience with 
hiring decisions, education level, and trust in the decision 
aid by entering these variables as fixed effects. Then we 
entered individual outcome feedback, decision aid outcome 
feedback, and trial (our time variable), and their interactions 
as fixed effects. To reduce any multicollinearity individual 
outcome feedback and decision aid outcome feedback were 
centered using effects coding, and trial was centered using 
mean centering. Table 1 in Appendix B displays the correla-
tion matrix for all of the study variables. 
Overall, we found that there was not a significant main 
effect of individual outcome feedback (B = 0.01, z = 0.68, p 
= .49), decision aid outcome feedback (B = -0.01, z = -0.37, 
p = .71), or trial (B = 0.002, z = 0.62, p = .54). Furthermore, 
1  Eventual performance was determined using the formula y 
= round(logistic(logistic percent (.50 * x1 + .40 * x2 + .10 * x3) + 
xr~N(0,1)) * 100, whereby y = eventual performance, x1 = cognitive 
ability score of the candidate, x2 = conscientiousness score of the 
candidate, x3 = interview score of the candidate, and xr~N(0,1) = 
error, created by selecting a random value from a normal distribu-
tion with an average of 0 and a standard deviation of 1 (see Jack-
son et al., 2019).
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none of the two-way interactions or the three-way interac-
tion were significant. This suggests that neither outcome 
feedback about the accuracy of one’s own decisions nor 
outcome feedback about the accuracy of a decision aid 
impacts whether one is likely to make hiring decisions that 
match a decision aid and thus utilize the decision aid. Ad-
ditionally, it appears that these effects do not significantly 
change over time.
Match in Performance Predictions
To calculate the match in performance predictions, we 
calculated the absolute difference between participants’ 
predictions and the decision aid’s predictions for both can-
didates. This yielded a measure of the magnitude of the 
difference in performance predictions for each candidate. 
However, because scores closer to zero would indicate a 
greater degree of match, the difference scores were reversed 
by subtracting the difference scores from 100. Then, be-
cause difference scores are not normally distributed, we 
performed a log transformation on the absolute differenc-
es. Thus, scores closer to zero indicated a greater degree 
of mismatch in predictions, whereas scores greater than 
zero indicated increasing degrees of match in predictions. 
For ease of explanation, we will simply refer to this as the 
match in performance predictions. To test whether individ-
ual outcome feedback or decision aid outcome feedback 
affected the match in performance predictions between 
participants and the decision aid, we conducted a repeat-
ed-measures linear regression using the linear mixed-effects 
modeling package (lmer) in R (Bates et al., 2014). We en-
tered the match in performance predictions as the dependent 
variable. We then controlled for prior experience with hir-
ing decisions, education level, and trust in the decision aid 
by entering these variables as fixed effects. Then we entered 
individual outcome feedback, decision aid outcome feed-
back, and trial (our time variable), and their interactions as 
fixed effects. These variables were centered using the same 
procedures as described above.
We found no significant main effects for individual out-
come feedback (B = -0.003, t(5,110) = -0.81, p = .42) or de-
cision aid outcome feedback (B = 0.002, t(5,092) = 0.59, p 
= .55). However, there was a significant main effect of trial 
(B = -.001, t(35,100) = -2.68, p < .01). This suggests that as 
time progressed, participants’ performance predictions were 
less likely to match the decision aid’s predictions. Interest-
ingly, there was a significant two-way interaction between 
individual outcome feedback and trial (B = 0.001, t(35,100) 
= 2.37, p = .02). Figure 1 (displayed in Appendix B) shows 
the two-way interaction between individual feedback and 
time. As can be seen in Figure 1, for those who received 
individual outcome feedback, the match in their perfor-
mance predictions with the decision aid’s predictions did 
not change significantly over time. However, for those who 
did not receive individual outcome feedback, the match in 
performance predictions decreased over the 20 decisions. 
This suggests that when people do not receive the feedback 
about their predictions they may be less likely to rely on 
decision aids over time. 
DISCUSSION
Managers want the autonomy to trust their intuition for 
hiring decisions. Yet, research shows that intuition is a poor 
method for making decisions. Intuitive decisions are often 
biased, lead to poor selection decisions (e.g., inaccurate 
predictions, inconsistent standards, etc.), poor performance 
among employees, and significant costs for the organiza-
tion. The divide between what is often practiced (subjective 
intuitive methods) and what is recommended (statisti-
cal-based methods) still continues to exist. 
This study examined whether feedback would influence 
people’s utilization of decision aids. Our results showed 
that people who received outcome feedback about the accu-
racy of their decisions did not rely on the decision aid more 
than people who received no feedback, failing to support 
Hypothesis 1. We also did not find support for Hypothesis 2 
or 3. Specifically, our results indicated that people who re-
ceived outcome feedback about the accuracy of the decision 
aid did not rely on the decision aid more than people who 
received no feedback, and there was no interaction between 
outcome feedback about a person’s accuracy and outcome 
feedback on the accuracy of the decision aid. Furthermore, 
we only found two significant effects, neither of which were 
hypothesized. When decision aid use was operationalized 
as a greater degree of match in performance predictions, 
we found a main effect of trial, which suggests that partici-
pants were less likely to make performance predictions that 
matched the decision aid’s over time. In other words, par-
ticipants seemingly relied less on the decision aid to make 
their performance predictions overtime. Further, we found 
that trial interacted with individual outcome feedback, such 
that the decline in the match in performance predictions (and 
reliance on the decision aid) only appeared to occur for the 
participants who did not receive any feedback about the ac-
curacy of their performance predictions. For those who did 
receive feedback, their match in performance predictions 
did not change throughout the 20 trials, indicating that they 
did not increase nor decrease their use of the decision aid. 
It is worth noting that the sizes of our effects are essentially 
near zero, so despite being significant, these results may not 
hold practical significance. 
Our results were surprising given the profound effects 
that have been found regarding the power of feedback 
(Shute, 2008; Slaughter & Kausel, 2014). Indeed, Dietvorst 
et al. (2014) found that when people saw a decision aid 
make a mistake, they were less likely to rely on the decision 
aid in the future, even if the error was smaller than human 
errors. Our findings seem to contradict previous research, 
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though it is unclear why this is. One possible reason is our 
sample comprised actual hiring managers accustomed to 
engaging in tasks similar to the one they experienced in 
this study. That is, previous research has focused on student 
samples or online samples of individuals without regard to 
their working status (cf. Dietvorst et al., 2014). It could be 
the case that the previous findings do not extend to other 
populations. Our screening procedures to ensure that we 
were recruiting only individuals with at least 2 years of 
hiring experience resulted in obtaining participants with 
a wide range of applied human resource backgrounds and 
clear experience with the task at hand. As such, one might 
expect that experienced individuals doing tasks relevant 
to their expertise rely more heavily on their own intuition 
and distrust decision aids more than originally expected. 
Although this was not the purpose of our study, our correla-
tion table shows no significant relationship between trust in 
the decision aid and hiring experience. 
An interesting finding is the significant relationship 
between match in hiring choice and match in performance 
predictions. This relationship is substantially smaller (albeit 
still positive and significant) than the relationship between 
the participant’s performance predictions (Candidate B vs. 
Candidate A) and their hiring choice. Although we expected 
the relationship between the participant’s performance pre-
dictions and their hiring choice to be large, indicating inter-
nal validity, we were somewhat surprised by the difference 
in the magnitude of the relationships. One possible explana-
tion of this difference is that while people may have made 
similar choices as the decision aid, their performance pre-
dictions may have been quite different than the predictions 
made by the decision aid. This would be the case if people 
were simply estimating performance or relying on some 
form of heuristic when making predictions. The absolute 
value of their predictions compared to the predictions of 
the decision aid may be different, but the relative difference 
between Candidate A and Candidate B may have been the 
same. This would result in participants making somewhat 
different performance predictions than the decision aid but 
making similar hiring choices as the decision aid. 
Limitations 
One possible limitation of our studies was the use of 
MTurk and Qualtrics to recruit participants. We utilized 
crucial inclusion criteria (e.g., minimum of 2 years of hiring 
experience) and multiple attention checks throughout the 
study. However, there is some controversy over the quality 
of online sampling techniques (Smith et al., 2016). Future 
studies could use other sampling techniques to replicate 
previous findings on the influence of feedback on decision 
aid utilization. However, there is a substantial amount 
of research that suggests that MTurk samples (and those 
similar, such as Qualtrics panels) are equivalent to other 
types of sampling. Hauser and Schwarz (2016) found that 
MTurk participants were more attentive than subject pool 
participants and, in some cases, identical to other methods 
of sampling (Casler et al., 2013). Also, MTurk samples can 
provide a greater diversity of demographics (Dworkin et al., 
2016). 
In our study, we measured hiring experience, not previ-
ous experience with decision aids. We suggest that experi-
ence with and/or previous exposure to decision aids might 
influence participants’ level of trust and use of the decision 
aid. Dietvorst et al. (2016) suggested that experience with 
decision aids can impact an individual’s’ use of them. If 
participants had negative experiences of perceptions of the 
decision aid, it may have lessened the influence of feedback 
on the use of the decision aid. More research is needed to 
explore these possibilities. 
A final limitation of this study was that we informed 
participants at the outset of the study what the best and 
worst predictors of job performance are. This may have 
inadvertently cued participants to attend to the predictors in 
the manner we specified. Further, this may, at least partially, 
explain why we found such little variation between the con-
ditions and across time. However, the small positive cor-
relation between the match in performance predictions and 
match in hiring choices suggests that participants were not 
fully utilizing the cue information we provided. If they had 
been, we might have observed a larger correlation. Further, 
given that the hypotheses focused explicitly on whether 
feedback would impact the use of the decision aid, we do 
not think that informing the participants about the relative 
importance of the predictors would impact the results of the 
hypotheses. 
Practical Implications 
A key practical implication from our study is that if 
organizations want increase hiring managers’ reliance on 
decision aids, they should not rely exclusively on feedback. 
We found that providing simple, clear feedback about the 
accuracy of performance predictions did not increase reli-
ance on decision aids. Although this is not what we expect-
ed nor what we hoped, these findings do help researchers 
and managers narrow down the search for ways to shift 
decision makers away from their own heuristics, biases, 
and intuition toward using statistically supported and supe-
rior decision aids. One possible avenue for future research 
is to examine other forms of feedback. Perhaps providing 
more instructional information on how to improve, beyond 
prediction inaccuracies, may lead to greater reliance on the 
decision aids. 
Conclusion
The selection process within the organization remains 
a critical aspect of the organization’s health and growth. It 
is undoubtedly clear that managers overly rely on intuitive 
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methods for hiring decisions. Consequently, it is crucial 
to explore methods to decrease their reliance on personal 
judgments and increase their likelihood to use more reliable 
methods of hiring, such as decision aids. Perhaps the big-
gest obstacle to decision aid acceptance is the presence of 
algorithm aversion (Dietvorst et al., 2014). Unfortunately, 
hiring managers ignore superior forecasting methods and 
prefer intuitive methods for making decisions in the work-
place. Decision aids, such as the statistical formula used in 
this study, lack the autonomy and familiarity of other com-
mon methods (e.g., intuition). The loss of predictive valid-
ity when using intuition as the basis for selection decisions 
is too great a cost for organizations. Further, organizations 
should not only want consistent methods of selection to 
protect themselves legally, but they should strive for quality 
methods of hiring for better accuracy and results (i.e., better 
employee performance). Thus, we must continue to search 
for ways to guide hiring professional away from subjective 
methods and toward effective and scientifically based meth-
ods. If feedback does not increase the use of decision aids, 
then we must find other, more effective ways to persuade 
hiring professionals. 
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Appendix A
Example Materials
Example of Decision Stimuli
Below is the information for two candidates. Use this information to predict each applicant’s job performance and identify 
which candidate the organization should hire.
 
Cognitive Ability Test 
percentile rank
Conscientiousness Test 
percentile rank
Unstructured Interview 
percentile rank
Candidate A 73 55 19
Candidate B 86 59 98
(Note: Percentile is the percentage of individuals who score less than the candidate.  For example, a percentile score of 50 
on the cognitive ability test means that the candidate performed better than 50% of the other individuals).
 
Recall that the prediction formula was:
0.50 x (cognitive ability score) + 0.40 x (conscientiousness score) + 0.10 x (unstructured interview score) = predicted job 
performance
Based on the scores for each candidate, the formula for each candidate is:
Candidate A: 
36.5 + 22 + 1.9 = predicted job performance
Candidate B: 
43 + 23.6 + 9.8 = predicted job performance
Example of Hiring Choice and Performance Predictions
Based on this prehiring information, on a scale of 0% (will perform worse than all other employees) to 100% (will perform 
better than all other employees), how well do you think each candidate will perform on the job?
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Example of the feedback provided to participants 
In the previous decision, you estimated that the candidates’ performance would be:
Candidate A: 50% 
Candidate B: 50%
In the previous decision, the formula estimated that the candidates’ performance would be:
Candidate A: 49.1%
Candidate B: 25.1%
Once both candidates were hired, their actual job performance was:
Candidate A: 56%
Candidate B: 3%
Your prediction for Candidate A was off by 6 percentage points.
Your prediction for Candidate B was off by 47 percentage points.
The prediction by the formula for Candidate A was off by 6.9 percentage points
The prediction by the formula for Candidate B was off by 22.1 percentage points
Personnel Assessment And decisions
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Appendix B
Tables & Figures
     1     2      3     4     5     6     7     8     9     10
1. Data source     --
2. Education .033     --
3. Hiring experience -.166 .038     --
4. Trust .009 .015 -.005     --
5. Individual feedback .044 -.018 -.034 -.026     --
6. Decision aid feedback .052 .016 -.065 -.024 .009     --
7. Trial < -.001 < -.001 < -.001 < -.001 < .001 < .001     --
8. Match in hiring choices -.001 -.003 -.004 .001 .005 -.003 .005     --
9. Match in performance predictions .028 -.001 -.024 -.028 .015 .016 -.014 .138     --
10. Participant hiring choice .009 .004 < -.001 .002 .005 .004 .182 < .001 -.019     --
11. Participant performance predictions .001 .002 -.005 .014 .014 .012 .145 < .001 .005 .663
Note. Data source was coded as -1 = Qualtrics and 1 = MTurk. Education was coded as 1 = less than high school, 2 = high 
school/GED, 3 = some college, 4 = 2-year college degree, 5 = 4-year college degree, 6 = master’s degree, 7 = doctoral degree, 
8 = postgraduate professional degree. Hire choice was coded as -1 = Candidate A and 1 = Candidate B. Bolded values are 
significant at p < .05.
TABLE 1.
Intercorrelations Between the Study Variables
FIGURE 1.
Two-way interaction among individual outcome feedback, decision aid outcome feedback, and trial in Study 1. Note that 
the y-axis has been rescaled to allow for ease of display and interpretation. Error bars represent +/- 1 standard error.
